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INTRODUCTION

Figure 1. Formulaic Language Model, Van Lancker Sidtis?

* Formulaic — or non-propositional — language (FL) is under-explored area of low Degrees of cohesion high
research with potential for clinical translation in assessment and rehabilitation
* Quantitative and qualitative results suggest significant differences in FL usage Collocations Formulaic expressions Lexical bundles
across clinical post-stroke aphasia subtypes’.
. . . . . . Land of fire and ice The early bird catches the worm In the meantime,
* Studies have shown mixed effectiveness in using FL therapeutically. el ol bl b Lt e
. . . . . Red, white, and blue Damn. At this point in time.
» To date, studies in FL lack a theoretical framework, which is needed to advance Toalyrcuions dmmb ez ot on i el Al things being el
. 935? ar_1 esist Sight for sore eyes Or something like that.
systematic research efforts. S S
Tunnel vision A cold day in hell In the presence o}...
It’s never the animal’s fault Easy come, easy go Would you mind?
Purpose: To test the utility of a proposed theoretic model (Figure 1) using
. . . . . Variable nuance Strong nuance Little or no nuance
spontaneous language of individuals with post-stroke aphasia. Lo s B
Mostly literal Mostly nonliteral Mostly literal
Context-free Context-dependent Context-dependent
Construction-based Formuleme-based Template-based

METHODS

* Retrospective analysis of FL items extracted from language samples of 144 Table 1. Coding rubric for FL psycholinguistic variables
T /i 1 _ 1 1 3-5 Syntactic Context Nuance Literality |Frequency Length
individuals with post-stroke aphasia from AphasiaBank=-. completoness |boundedness e e ) et
. . . . 1 I L ind d f N ; \ Li L
e n=77Broca’s, 77 anomic, 43 conduction, 22 Wernicke’s aphasia Sttormce spans loontt T gmticar |
phrasal ' construgtions,
 Each FL item was coded according to 6 variables from the FL model (Table 1; Poundaries o et

location

*cohesion excluded).

2 Complete noun, |specific to listener |Minimal to nonliteral
. . . . . . . verb or OR setting OR moderate nuance
* Independent variables: Psycholinguistic variables, pt demographic variables prepositional | situation (between 1-3)
] . . . phrase, but
(i.e., age, gender, education), motor speech ability (+/- dysarthria, +/- AOS). dependent
3 complete - Strong nuance,
 Dependentvariables: WAB-R AQ¢®, WAB fluency score (1-10), and WAB fluency uierance andlor Swearwords of
(fluent aphasia =5 on WAB-R fluency score, non-fluent <5). alone ooy emotienof
Figure 2. Differences in psycholinguistic characteristics across WAB-R subtypes Results
. * Findings demonstrated statistically significant between-group
, differences in specific psycholinguistic characteristics of FL
(frequency, number of words, syntactic completeness, literality)
] produced in spontaneous speech samples according to WAB-R
2 subtype (Figure 2).
1 * The logistic regression model demonstrated that fluency was
. predicted by 3 variables — frequency and syntactic completeness of
Frequency Length Syntactic Context Nuance Literality FI_ itemS, and presence Of AOS (Table 2)
completeness boundedness o .
Anomia [ Conduction B Wernicke's @ Broca's  Classification accuracy: fluent =85.6%; non-fluent =69.2%
Table 2. Best-fitting regression model predicting fluent vs. nonfluent aphasia Discussion
90% Sonflcence * This projectvalidates the utility of the proposed FL model for
. - Sig Exp(B) Lower  TUnper individuals with post-stroke aphasia.
 Characterizing FL in spontaneous speech can be used as a marker
Constant 16.609 3.539 <.001 16335968.9
AOS 997 .368 .007 2.711 1.319 5.574 Of ﬂuency Status‘
Frequency 2483 092 =001 10.84 022 924  With further research, FL analyses can potentially be added in
comototoness | A D e o1 °18 language analyses for patients with post-stroke aphasia to increase
the efficiency of assessment practices’.
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